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Abstract: Hostels have become a very popular form of accommodation and 
their varieties have grown steadily in recent years. To ensure the sustainability 
of this business model, it is necessary to understand the main drivers 
influencing travelers to choose a hostel accommodation. For this purpose, we 
conducted an online survey using convenience sampling and purposive 
sampling techniques. Respondents' preferences to six hostel attributes 
(cleanliness, location, staff, atmosphere, facilities, and cancellation policy) 
were determined using discrete choice analysis. Sample results showed that 
the most important attributes are cleanliness and location, while the 
atmosphere is the least important one. However, widespread heterogeneity in 
preferences was observed, and cluster analyzes identified three distinct groups 
of travelers: “cleanliness sticklers”, “location demanders” and “party seekers”.  
Facilities and atmosphere were found to be very important attributes for 
particular clusters. These findings can help design a marketing strategy for 
each of the identified segments to ensure sustainable business. Finally, we have 
proposed a new approach to calculating the hostel overall rating based on 
attribute importance, which shows much better discriminatory power 
compared to the traditional average-based approach. 

Key words: Hostel; discrete choice analysis; attribute importance scores; 
preference-based clustering; simulation; weighted performance rating. 

1. Introduction 

Over the last six decades, tourism industry become one of the largest economic 
sectors in the world (Mihalic, 2014). The importance of the tourism industry is evident 
in both developed and developing countries, which is best reflected through a number 
of direct and indirect impacts on national economies (World Travel and Tourism 
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Council, 2018). Further strong growth of the tourism industry around the world was 
expected, but the appearance of the COVID-19 pandemic temporarily hindered it. Farr 
(2020) states that after the end of the pandemic, it will take about 18 to 24 months for 
daily tourist activities to return to the level before the pandemic (Nguyen, 2020). 

The structure of the tourism market has changed significantly and continues to 
change over the years, with increasing attention paid to the concept of sustainability 
and related topics such as circular economy, collaborative consumption, sharing 
economy, and low-income consumers targeting (Lemus-Aguilar et al., 2019). The 
development of the Internet has significantly contributed to these trends. Nowadays, 
tourists have access to more information, they are more mobile, and are more willing 
to experiment with unconventional forms of travel. The expansion of low-cost airlines 
has increased the number of both available destinations and flights between the two 
destinations, leading to further price reductions due to growing competition. A study 
carried out by Eugenio-Martin and Inchausti-Sintes (2016) shows that savings 
achieved by low-cost transportation are at least partially transferred to spending on 
the destination itself. Positive changes are also noticeable in low-budget 
accommodations such as hostels, which show more online penetration than hotels and 
apartment rentals (Muñoz-Fernández et al., 2016). Despite the outbreak of the COVID-
19 pandemic in 2020 that negatively affected various industries, including tourism, 
travelers are expected to travel again, and their demands will affect the future of 
affordable accommodation. Accordingly, hostels must be prepared to respond to these 
demands in the right way.  

Although initially the cost of accommodation was the main reason for travelers to 
choose hostels, over the years, the type of hostel guests changed and their motives and 
preferences became more diverse. To increase guest satisfaction, some hostels have 
launched a number of specific services such as self-serving facilities, group social and 
sports activities, the ability to rent certain equipment. Some hostels have recognized 
the importance of environmental sustainability and are taking action to promote such 
activities. The development of technology and digitization made it possible for 
different hostel visitors to exchange impressions and accommodation reviews. On the 
one hand, this provides the guests with a certain level of security when choosing an 
accommodation and helping them find accommodations that match their desires. 
Hostel owners, on the other hand, receive feedback from their clients and can 
eliminate potential weaknesses on time, as in the Internet era only a few negative 
reviews can have serious consequences on business success (Martins et al., 2018). 

The fact is that hostels have become very attractive to investors in recent years, 
that their number and varieties are constantly growing, and that even more prosperity 
is expected in the future through improvement of product quality and product offer 
offerings. In such a competitive environment, the concept of sustainability becomes 
crucial. Unlike traditional entrepreneurship, which focuses mainly on economic 
development, sustainable entrepreneurship and sustainable business models aim to 
balance economic, social and environmental goals (Belz & Binder, 2017).  

In this study, we focus on the key factors influencing hostel guests' satisfaction, 
which is closely related to the economic and social dimension of sustainable business. 
We sought to identify individuals' preferences for key hostel characteristics, identify 
the most important factors that influence their decision when choosing a hostel, and 
investigate whether these factors depend on the demographics of the respondents or 
their habits and attitudes. For that purpose, in this study Discrete Choice Analysis 
(DCA) was employed. DCA is an approach for identifying the relative importance of 
attributes when the individuals choose between comparable products or services 
based on specific features. It has been successfully used for the analysis of individual 
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choice behavior in many fields such as economics, marketing, education, 
transportation, environmental management, and healthcare (Rakotonarivo et al., 
2016; Popović et al., 2018; Kuzmanovic et al., 2020). It has been applied also in the 
tourism industry, but primarily to determine guests' preferences and willingness to 
pay for a hotel room attributes and preferences towards tourist destination (Capitello 
et al., 2017; Chang et al., 2018; González et al., 2018; Kim & Park, 2017; Oppewal et al., 
2015; Vukic et al., 2015). However, so far DCA has not been used to identify the trade-
offs that respondents are willing to make when it comes to different factors that affect 
their choice of hostel. Furthermore, using DCA it is possible to identify whether the 
guests’ preferences are heterogeneous, but also to calculate the real overall hostel 
rating, taking into account that not all factors are equally relevant to certain groups of 
guests. If there are differences in factors that affects the satisfaction of guests, hostel 
owners need to customize their offer to satisfy all guests. 

The rest of the paper is organized as follows. Section 2 provides a literature review 
on hostel specifics and key hostel features that influence travelers’ choices. Section 3 
covers the study methodology i.e. overview of theoretical foundation of discrete choice 
modelling is outlined and design of present study is presented. The results of empirical 
study are given in Section 4. Both aggregated and segment level preferences are 
presented as well as simulation results. Finally, Section 5 provides concluding remarks 
and implications for further research. 

2. Literature Review  

The hostel is a short-term accommodation, which focuses particularly on visitors 
who are most often referred to as backpackers (O׳Regan, 2010). Nevertheless, there is 
no precise definition of this type of accommodation. Some discussion on this issue can 
be found in scientific literature (Hory et al., 2017; Oliveira-Brochado & Gameiro, 
2013). Difficulties in clear definition appear as a consequence of the global expansion 
of the spectrum of tourists and their heterogeneous demands.  

There are many ways in which the hostel business can contribute to the economic 
and social sustainability of areas, regions or countries. Hostels are usually associated 
with people who are traveling on a tight budget and who do not mind to give up their 
privacy for the sake of lower cost accommodation. World trends and the financial 
crisis have led to hostels now attracting families and people on a business trip that is 
constrained by a relatively modest budget (Cave et al., 2008). Thus, one of the basic 
characteristics of the hostel is that it has to be budget-oriented. Although budget 
tourists tend to spend less on a daily basis, their travel is generally extended, and total 
expenditures during their stay are often significantly higher than those of average 
tourists. Moreover, hostel accommodation businesses in small cities where there are 
no hotels, contributing significantly to local economic development.  

A hostel typically has a more casual atmosphere than hotels and it is more 
adventure oriented, attracting the younger segment of travelers (de Oliveira Santos, 
2016). Hostels offer two types of accommodation, either shared rooms where 
individual travelers can book a single bed or private rooms with bathrooms when it 
comes to modern variants of hostels. Consequently, they generally provide more and 
better opportunities for travelers who are staying in the short term to meet new 
people from different cultures, by virtue of shared facilities and a common rooms, such 
as living room, lounge, shower, and kitchen (Lima & Vicente, 2017). When it comes to 
the atmosphere and character of the hostel, the one of the famous hostel booking 
websites, Hostelbookers, provides description of several different types of hostels 
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(Oliveira-Brochado & Gameiro, 2013): (a) ‘family hostels’, offering clean and 
comfortable low budget rooms in order to attract families; (b) ‘Activity hostels’ 
focusing on providing a wide range of activities to their guests, such as surfing, skiing, 
hiking, biking etc.; (c) ‘Party hostels’ designed for travelers who want to have fun and 
to experience the city's nightlife. These hostels do not have a police time, usually have 
a bar and organize parties.  

Recently, a new type of hostel guests have been appeared, so called ‘flashpackers’, 
traveling with a higher budget, often using social media, and have a greater demand 
for comfort, quality and privacy than the backpackers (Hory et al., 2017). Flashpackers 
want the backpacking experience with the luxury of a comfortable hotel. While they 
want the friendly atmosphere, they also want some quiet downtime. An increasing 
number of such type of travelers steadily increases quality requirements towards the 
physical features of hostels, leading to a new type of hostel, the so-called ‘flashpacking 
hostels’. 

Numerous studies have been conducted, both qualitative and quantitative, for 
determining the motives, factors and preferences of travelers towards hotels and 
hostels (Lin et al., 2018; Roy et al., 2019; Puška et al., 2021). As expected, the main 
features of the hostel, a favorable accommodation price and value for money, have 
proven to be an important source of customer satisfaction (Nash et al., 2006; Lima & 
Vicente, 2017; de Oliveira Santos, 2016; Cró & Martins, 2017; Veríssimo & Costa, 
2018). However, Hecht and Martin (2006) find out that service preferences vary 
depending on the three key demographic categories: gender, age, and country of 
origin. In addition to the accommodation price, most studies emphasize two more 
hostel features, cleanliness and location, as very important factors that influence the 
guests' choice as well as their satisfaction (Hecht & Martin, 2006; Nash et al., 2006; 
Brochado et al., 2015; Lima & Vicente, 2017; Martins et al., 2018; Oliveira-Brochado & 
Gameiro, 2013; Cró & Martins, 2017; Amblee, 2015). Studies have also identified some 
other important tangible factors that increase the satisfaction of guests such as self-
serving facilities and the possibility of renting certain equipment (Nash et al., 2006; 
Brochado et al., 2015; Musa & Thirumoorthi, 2011; Oliveira-Brochado & Gameiro, 
2013). Furthermore, the results show that hostel guests want to socialize, to 
participate in activities and events, to have local experiences and to feel at home 
(Hecht & Martin, 2006; Brochado et al., 2015; Martins et al., 2018; Ban et al., 2019). 
This especially holds for young people (Muñoz-Fernández et al., 2016) and Millennials 
(Veríssimo & Costa, 2018). Lima and Vicente (2017) revealed that the main drivers of 
the overall satisfaction of younger guests are staff’s competence and friendliness. 
Musa and Thirumoorthi (2011) found that politeness and friendliness, commitment, 
readiness to help and relevant knowledge are very important characteristics of a good 
staff. Chitty et al. (2007) show that the brand image is a strong predictor of satisfaction 
of the low-budget guests with the hostel. Cró and Martins (2017) used a hedonic prices 
and guests' reviews to analyze the impact of the country's crime index on hostel 
accommodation prices and concluded that guests are willing to pay a higher price if a 
hostel has higher security and cleanliness level but also good location. Similar 
conclusions were made by Amblee (2015) who used a word-of-mouth approach. 

The most popular booking websites provide the opportunity for hostel guests to 
evaluate their satisfaction with accommodation on a variety of factors, primarily those 
that have been also identified as important through scientific literature. Table 1 shows 
a list of factors that are usually evaluated on certain websites.  

 

Table 1. Overview of guest satisfaction factors on hostel booking websites 
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Location      

Cleanliness      

Staff      

Safety/Secu
rity 

     

Atmosphere      
Value/Price      

Facilities      
Comfort      

Services      

Character      

3. Materials and Methods  

3.1. Discrete Choice Analysis 

Discrete Choice Analysis (DCA), often referred to as a choice-based conjoint 
analysis, is one of the most commonly used research techniques that helps reveal how 
individuals make choices and what they really value in products and services. Instead 
of asking respondents what features they find most important, in discrete choice 
experiment, respondents are expected to choose between the concepts carefully 
assembled into choice sets. These concepts are potential real or hypothetical 
alternatives described by the most relevant tangible and intangible characteristics or 
attributes (Ben-Akiva et al., 2019). 

DCA is theoretically grounded in random utility theory (RUT) and relies on the 
assumptions of economic rationality and utility maximization (Ben-Akiva & Lerman, 
1985; Mangham et al., 2009), but also assumes heterogeneity in decision-maker and 
choice alternatives (Oppewal et al., 2015). The output from discrete choice analysis is 
a measure of utility scores that are numerical values that weight how each attribute 
and level attribute affected customer's decision to make that choice. 

There are five main steps in the process of discrete choice analysis: (1) the 
identification of key attributes and specification of their levels, (2) creation of the 
design of experiment, (3) data collection, (4) the choice model estimation, and (5) 
post-hoc segmentation. 

3.2. Identification of Hostels Attributes and Levels 

At this stage of the research, the identification of characteristics that differentiate 
a certain set of hostels from others was done. Five attributes have been identified 
based on the literature review: Location, Staff, Atmosphere, Cleanliness level and 
Facilities. The appropriate levels have been assigned to these attributes (Table 2).  

In addition, the attribute Cancellation policy (refund) was also included in the 
survey. The need to include this attribute in the study was based on an analysis of the 
impressions guests leave on TripAdvisor, the world's largest travel portal, as well as 
on the hostels' websites. Namely, it was noted that one of the most frequent reasons 
why the guests complain is precisely the problem of refunding money in case of 
cancellation. This problem comes from three reasons. The first is that hostel 
reservations are made in about 80% of cases by means of internet platforms that have 
their own cancellation policy that has priority over the policy of hostel itself. The other 
is that these platforms see the cancellation as an opportunity to make additional 
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profits, so they charge it as a special service, and the third reason is the insufficiently 
transparent policy of cancellation. Two levels of attribute have been identified: deposit 
only and no refunds. The former means that if the guest cancel the reservation on time 
(usually 1-7 days before the start of the stay, depending on the hostel), the deposit will 
be refunded, while no refund option mean that the hostel retains the entire amount of 
the reservation. 

Table 2. Attributes and levels used in the study 

Attribute Levels 

Location 
City center 

Good connection to city center 
Poor connection to city center 

Staff 
Friendly 
Formal 

Marvelous 

Atmosphere 

Homely 
Party 
Active 

Traditional 

Cleanliness level 
Low 

Moderate 
High 

Facilities 
Poor 
Good 

Superb 

Cancellation policy 
Deposit only 

Non-refundable 

Although crucial factor, the price of accommodation has not been included in the 
list of attributes in this research since prices generally varies from city to city and 
therefore are not comparable. 

3.3. Experimental Design 

The next stage in discrete choice analysis is to decide which scenarios to present 
to individuals, i.e. to generate experimental design. Based on selected attributes and 
attribute levels, a fractional factorial choice design was created. The design is efficient 
in terms of D-efficiency criteria and supports measurement of two-way interactions. 
In the cases when such designs are very complex and consist of a large number of 
choice tasks, so called blocked designs are often used. Blocks are partitions of the 
choice tasks in the design of experiment that contain a limited number of choice 
questions for each respondent. 

In our study, an experimental design with 22 choice tasks was partitioned into two 
blocks so that each respondent evaluated only 11 choice tasks. Each choice task 
consisted of three full profile alternatives (Hostel 1, Hostel 2 and Hostel 3) and one 
"none of the above" option. Each respondent evaluated a total of 33 alternatives. In 
this way, the survey covered a total of 66 (11×3×2) profiles from the possible 648 
(=34×4×2). The example of choice task used in survey is given on Figure 1.  
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Figure 1. The example of the choice task 

3.4. Study Implementation 

Because DCA calculates preferences for each single respondent, no large sample is 
required for the results to be valid. However, the generated experimental design has 
an influence on the sample size required for the trustworthy results (de Bekker-Grob 
et al., 2015). According to Orme (2010), the rule of thumb for an acceptable sample 
size is: 

𝐼 ≥
500× largest product of levels of any two attributes

number of tasks × number of alternatives per task
,  

so the minimum sample size for this study was 182 (i.e. 500 × (3 × 4) / (11 × 3)). 
To collect responses from respondents, this study used a web-based survey created 

on the online platform Conjoint.ly. It has been shown that web-based surveys are more 
suitable for discrete choice experiments than other forms of surveys for reasons such 
as ease of use, immediacy, time saving and high response rate (Oppewal et al., 2015). 
According to the purpose and needs of the research, participants were recruited 
through convenience sampling and purposive sampling methods. The survey was 
shared in travel groups on social networks, travel-related forums, but also distributed 
directly by email. The intent was to effectively select participants who would be willing 
to provide the most relevant data to answer research questions defined. Such were 
considered to be individuals who occasionally or frequently travel and stay in hotels, 
hostels or other paid accommodation. 

Our questionnaire consisted of three parts: (1) questions concerning respondent 
demographics; (2) questions about general respondents’ habits and experience 
regarding accommodation while traveling, and (3) eleven hostel choice tasks. To test 
the questionnaire, the survey was piloted using a sample of 20 respondents. 

3.5. Estimation of the Choice Model 

Discrete choice model can be derived from utility theory and specifies the 
probability that an individual chooses a particular hostel, with the probability 
expressed as a function of observed variables that relate both to the hostel and the 
individual. As mention before, the assumption is that the individuals tend to maximize 
utility by choosing those hostel that contain most desirable characteristics. In other 
words, given the set J of mutually exclusive hostel alternatives, it is assumed that an 
individual i (i = 1,...,I) will choose an alternative j (j = 1,...,J) if and only if the overall 
utility that alternative j provides to him at least equal to those associated with other 
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alternatives in the same choice set. The choice of the individual i is designated by 
variables yij for each alternative j: 

𝑦𝑖𝑗 = {
1,     𝑈𝑖𝑗 > 𝑈𝑖𝑚,   ∀𝑗 ≠ 𝑚

0,     otherwise
 (1) 

where Uij represents overall utility and can be expressed as: 

Uij = Vij + ij . (2) 

Random or stochastic component ij represents the unobserved sources of utility 
related to the characteristics of the individuals and/or hostel attributes and can 
represent both variations in preferences among population members and 
measurement errors. The deterministic component of utility, Vij, is usually a linear 
additive model that maps the multidimensional attribute vector into the overall utility 
(Kuzmanovic et al., 2020): 

𝑉𝑖𝑗 = ∑ ∑ 𝛽𝑖𝑘𝑙𝑥𝑗𝑘𝑙
𝐿𝑘
𝑙=1

𝐾
𝑘=1  (3) 

where 𝛽𝑖𝑘𝑙  is partial utility that respondent i attaches to lth level of attribute k, so-
called part-worth, and xjkl is a binary variable that equals 1 if hostel j contains level l of 
attribute k, otherwise it equals 0. Accordingly, the probability that individual i would 
choose hostel j from a set of three mutually exclusive hostels is given by: 

𝑃𝑖𝑗 =
𝑒𝑥𝑝(𝑈𝑖𝑗)

∑ (𝑒𝑥𝑝(𝑈𝑖𝑗))3
𝑗=1

 (4) 

Hierarchical Bayes (HB) approach can be used to estimate the parameters in model 
(4). HB models are hierarchical models analyzed by Bayesian methods, which assume 
that probability is operationalized as a degree of belief, rather than frequencies as it is 
in classical statistics (Rossi et al., 2012). The value of the HB model lies in its ability to 
describe heterogeneity in preferences while retaining its ability to study particular 
individuals. Besides that, this approach allows more parameters to be estimated with 
less data collected from each respondent.  

Estimated part-worths reflect how strongly that level influences the decision to 
choose the hostel. Attributes with a large range of influence are consider more 
important. Accordingly, relative importance of each attribute for each respondent are 
calculated by dividing the utility range for each attribute separately with the sum of 
the utility ranges for all attributes (Vukic et al., 2015): 

𝑊𝑖𝑘 =
𝑚𝑎𝑥

𝑙
𝛽𝑖𝑘𝑙−𝑚𝑖𝑛

𝑙
𝛽𝑖𝑘𝑙

∑ (𝑚𝑎𝑥
𝑙

𝛽𝑖𝑘𝑙−𝑚𝑖𝑛
𝑙

𝛽𝑖𝑘𝑙)𝐾
𝑘=1

.  (5) 

Individual importance scores can be aggregated for the sample as a whole or for 
clusters in the case of heterogeneous preferences. In addition to a priori segmentation 
based on socio-demographic variables, this study employs a post-hoc segmentation 
approach as well. This approach is expected to be more effective as segments will be 
isolated based on differences in respondents’ preferences (Kuzmanovic & Savic, 
2020). Clustering on individual preferences and behavioral differences has been found 
to be more robust and stable over time. Clusters that differ in the behavioral drivers 
can be found using K-means cluster analysis (Norris et al., 2014). 
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4. Results 

4.1. Sample Characteristics 

Survey was conducted in November 2017. Eligibility criteria were that 
respondents were 16 or older, and that travel at least once a year, staying in paid 
accommodation. Of 1522 individuals who approached the survey, 273 fully completed 
the questionnaire, giving a response rate of 14.22%, out of which 218 questionnaires 
were valid (79.85%). Slightly more than half of respondents (55.96%) were women. 
The average age of participants was 28.14 years (SD=8.33). Over 60% of respondents 
had completed at least an undergraduate degree and almost 32% had a postgraduate 
degree or higher qualification. The majority of participants were European (76.6%). 
Detailed demographics are given in Table 3. 

Table 3. Demographic data 

Category Variable Number (n=218) (%) 

Gender Male 96 43.78 
Female 122 55.96 

Education 
level 

High school or equivalent  71 32.57 
Bachelor's degree  75 34.40 
Master's degree  64 29.36 

PhD 5 2.29 
Other 3 1.38 

Employment 
status 

Unemployed  11 5.04 
Full time employed 116 53.21 
Part time employed  18 8.26 

Student 49 22.48 
Employed students 14 6.42 

Other 10 4.59 
Average 
monthly 
income 

Up to 300 € 15 6.88 
300-600 € 40 18.35 

600-1000 € 53 24.31 
More than 1000 € 57 26.15 

No answer 53 24.31 
Continent of 

residents 
Europe 167 76.61 

Asia 13 5.96 

North America 25 11.47 

South America 5 2.29 

Africa 2 0.92 

Australia 6 2.75 

 

The most common accommodation choice is hotel (38.25%), followed by hostel 
(27.65%) and Airbnb (21.56%). Bed & breakfast is the first choice for only 5.5% of the 
respondents, while the rest of sample prefer other accommodations.  

The primary guests of the hostel are considered to be backpackers, but only 8.72% 
of our sample perceived themselves as backpackers; the same percentage of sample 
considered themselves to be a tourist or traveler (41.28%), while 8.72% respondents 
did not match any of the listed categories. However, the majority of backpackers as the 
first choice of accommodation listed hostel (57.89% of all backpackers), while those 
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who call themselves tourists are usually opt for hotel accommodation and very rare 
for hostel (15.56%). When choosing their accommodation, respondents mostly inform 
via the Internet (41.74%) and by word-of-mouth from friends and acquaintances 
(34.86%).  

Nearly 45% of respondents usually travel with friends. There is 24.37% 
respondents who travel with a partner, and 12.97% who travel and with a family 
member, while 16.46% respondents are usually solo travelers. Respondents rarely 
stay in hostels for more than 7 nights (only 4.13%); 18.35% usually stay between 5 
and 7 nights, while more than half of the respondents, 112 (51.38%) in hostels stays 
2-4 nights. Among the respondents there were 10.09% those who usually stay for only 
one night, as well as those who said they never stayed in hostels. Among 35 
respondents (16.06%) who never use hostel services there were 9 men and 26 
women. Respondents were also asked to indicate the lowest average hostel rating on 
booking websites, which is necessary to consider the booking accommodation. The 
distribution of the answers is shown in the Figure 2. 

 

Figure 2. Distribution of the lowest acceptable hostel rating 

4.2. Aggregated Respondents’ Preferences  

The primary outputs of DCA are the estimated part-worths (preferences) for 
various attribute levels. Using HB method, the preferences were estimated for each 
single respondent, and then averaged for the whole sample (aggregated preferences). 
Attribute levels have been coded using an effects coding procedure, which constrains 
the sum of part-worths of each attribute to be zero. Part-worth utilities associated with 
particular attribute levels provide a deeper insight into which characteristics 
determine the consumer's choice. The aggregated preferences towards the key hostel 
characteristics are shown in Table 4. The results indicate a high level of statistical 
significance for the attribute levels, with all levels having signs in line with a priori 
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expectations. Namely, negative signs for some levels indicate that respondents 
considerably less prefer them than those with positive value. For example, 
respondents do not prefer hostels that have poor connections to the city center (part-
worth = -21.44), low level of cleanliness (-19.60), or poor offer of facilities (-7.48). 

Table 4. Part-worths estimates for the sample 

Attribute Attribute Level 
Relative 
importa

nce 

Part-
wort

hs 

90% 
confidence 

interval 
Lower 
bound 

Upper 
bound 

Location  33.99%  
32.35

% 
35.61

% 
 City center  12.55 11.76 13.42 

 
Good connection to city 

center 
 8.89 8.26 9.55 

 
Poor connection to city 

center 
 

-
21.44 

-22.40 -20.45 

Staff  6.43%  
5.52

% 
7.23

% 
 Friendly  3.03 2.60 3.38 
 Formal  -3.41 -3.92 -2.85 
 Marvelous  0.38 0.01 0.78 

Atmosphere  3.38%  
3.00

% 
4.46

% 
 Homely  0.93 0.65 1.19 
 Party  0.71 -0.15 1.65 
 Active  0.81 0.26 1.34 
 Traditional  -2.45 -2.95 -2.00 

Cleanliness 
level 

 35.27%  
33.91

% 
36.35

% 

 Low  
-

19.61 
-20.15 -18.90 

 Moderate  3.95 3.34 4.52 
 High  15.66 14.86 16.36 

Facilities  12.79%  
11.83

% 
13.58

% 
 Poor  -7.48 -8.01 -6.87 
 Good  2.18 1.78 2.57 
 Superb  5.30 4.81 5.67 

Cancellation 
policy 

 8.15%  
7.07

% 
9.26

% 
 Deposit only  4.07 3.53 4.61 
 Non-refundable  -4.07 -4.61 -3.53 

A 90% confidence interval is also reported under each parameter estimate. It 
identifies the range in which there is a 90% probability that the true parameter value 
falls. For all of the estimated parameters, a zero value fell outside of this 90% 
confidence interval, indicating that all independent variables have an influence on the 
dependent variable at the 90% level. An additional goodness of fit measure, called 
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McFadden's pseudo-R2 provides a measure of how well estimated results describe 
respondents' answers to the survey. A pseudo-R2 value of 67% in this survey indicates 
that the calculated part-worths well describe the respondents' choices (Norris et al., 
2014). 

The relative importance of the attributes are derived from corresponding part-
worth utilities and show the extent to which each of the attributes influence the 
decision of respondents, and which later affects their satisfaction. As it can been seen 
from Table 4, the most important attributes for the sample as a whole are Cleanliness 
and Location, with the average importance values of 35.27% and 33.99% respectively. 
Significantly less important is the attribute Facilities (12.79%), while the Atmosphere 
is the least important attribute with the average importance of just 3.38%, indicating 
that this attribute has almost no influence on the decision about the choice of hostel. 

The best-rated hostel concept according to the respondents' preferences is those 
with a high level of cleanliness, located in the city center, with superb facilities, friendly 
staff and a homely atmosphere, but also that returns whole amount of deposit in case 
of cancellation of the reservation. 

4.3. Preferences of Predefined Groups of Respondents 

In order to determine whether the preferences of some predefined groups of 
respondents were homogeneous, a priori segmentation was performed based on the 
demographics and habits of the respondents. In particular, the analysis was done on 
the basis of three variables: (1) the continent of residence, (2) the first choice of 
accommodation, and (3) gender. Both the partial utilities and the relative importance 
of the attributes for each subgroup are estimated separately.   

As it can be seen from Figure 3, there is no significant differences between the 
segments in terms of the relative importance attached to the attributes. Furthermore, 
the order of the levels according associated utilities within all attributes is almost the 
same, and only slight variations occur within the attribute Atmosphere. Namely, it has 
been found that males strongly prefer Party hostels, while females prefer a hostel with 
an active and homely atmosphere, considering party hostels as undesirable for 
staying. Similarly, respondents who usually stay in hostels give priority to the Party 
hostels compared to other respondents. However, the Atmosphere is negligible 
important attribute for all segments, and therefore differences in preferences to 
certain levels of this attribute have minor impact on the overall preferences. 
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Figure 3. Relative importance of attributes across a priori defined 

segments (in %) 

4.4. Preference-based Clustering 

Aggregated results often mask the real situation, so a cluster analysis based on 
respondents’ preference was made. Namely, cluster analysis allows the detection of 
groups of respondents with homogenous preferences that remain latent in aggregated 
results. As the preferences are calculated for each respondent individually, 
preference-based clustering is enabled and for that purpose K-means cluster analysis 
is employed. Relying on Calinski-Harabasz criteria and the Dunn index, as well as on 
the bases of knowledge of the market and socio-demographic characteristics of the 
sample, three clusters were identified. The relative importance of the attributes for 
each of the clusters are shown in the Table 5, while Figure 4 shows the percentage of 
inhabitants of certain continents in each of the clusters. 

Table 5. Relative importance of the attributes for each of the clusters 
 

Cluster 1  
(Cleanliness 

sticklers) 

Cluster 2  
(Location 

demanders) 

Cluster 3  
(Party 

seekers) 

Location 21% 45% 36% 
Staff 10% 2% 9% 

Atmosphere 6% 4% 19% 
Cleanliness level 38% 32% 21% 

Facilities 19% 7% 8% 
Cancellation policy 

(refund) 
6% 10% 7% 
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Figure 4. Comparison of clusters concerning the region of respondents’ 

residence 

4.4.1. Cluster 1 - Cleanliness Sticklers 

The first cluster includes slightly more than a third, i.e. 35% of the total sample. For 
the respondents from this cluster, the cleanliness is the key decision factor when 
choosing a hostel (relative importance is 38%), whereby the respondents prefer only 
a high level of hostel cleanliness. A moderate level of cleanliness also has a positive 
sign, but a small value of utility. As it can be seen from Table 5, Location and Facilities 
also appear as very important attributes, with an importance values of 21% and 19% 
respectively. When it comes to the Location attribute, it can be noted that it is 
significantly less important than in the average. For the attribute Facilities the 
opposite applies; this is the only cluster that attach to this factor so much importance. 
It can be noted that members of this cluster almost equally prefer hostels located 
downtown and outside the center with good connection to the center. Furthermore, 
members of this cluster prefer hostels with homely or active atmosphere and friendly 
staff, although these characteristics are not crucial (Figure 5). 
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Figure 5. Cleanliness sticklers' preferences 

A more detailed analysis has shown that this cluster consists mainly of female 
respondents (60%), who are on average slightly older than respondents in the 
remaining two segments. Although most of them come from Europe, this percentage 
is lower than in the other two clusters, as can be seen in Figure 4. For respondents of 
this segment, the first choice when deciding on an accommodation is a hotel, while 
when choosing a hostel, the acceptable hostel rating is higher than for the other two 
groups. 

4.4.2. Cluster 2 – Location Demanders 

This cluster is the largest one (36% of the total sample) and is made up by 
respondents to whom location is by far the most important factor when choosing a 
hostel (relative importance of 45%). Compared to the other two clusters, they much 
more prefer that hostel to be located in the city center, although they also largely 
accept a location with a good connection to the center (Figure 6).  
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Figure 6. Location demanders' preferences 

Another very important attribute for this group of respondents is cleanliness 
(32%), while on the third place is the Cancellation policy with relative importance of 
10% which is higher value than for the other two clusters. This cluster also 
significantly more prefers the moderate level of cleanliness than the previous one. 
Members of this cluster prefer the active and homely atmosphere, and superb or good 
facilities. The staff is the least important attribute for this cluster with an importance 
value of only 2%. It is interesting that the utility of the level of marvelous staff has a 
negative sign, and that the respondents showed indifference towards formal staff.  

The ratio of males and females is similar to that of the first cluster (58% females). 
Average age of cluster members is 27.46 years and most of them are European (86%). 
Compared to the "cleanliness sticklers", they accept a slightly lower average rating of 
the hostel, and to a large extent as the first choice of accommodation, next to the hotel, 
also quote Airbnb. It is interesting that 33% of respondents from this segment are 
unemployed or part-time employed. 

4.4.3. Cluster 3 – Party Seekers 

The third cluster is the smallest one and covers 26% of the sample. As with the 
previous cluster, this group of respondents give the highest importance to the 
attribute Location (36%), whereby they most prefer to be located out of the downtown 
but with a good connection to it. Another interesting thing about this cluster is that the 
attribute Atmosphere is much more important for members compared to other 
clusters (importance value is 19%). Respondents belonging to this group prefer 
hostels with the party atmosphere, while the traditional and active atmosphere reduce 
their overall preferences (the partial utilities of these levels have a negative sign, 
which can be seen in Figure 7).  
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Figure 7. Party seekers’ preferences 

Cleanliness is the second most important factor with an importance value of 21%, 
but it is significantly less important than in the other two clusters. The remaining three 
attributes – staff, facilities, and cancellation policy are of almost equal importance. This 
segment is the only one with more males than females (33 versus 30) and with the 
average age of 26.44 represent the youngest cluster. Even 84.13% of this group of 
individuals are single. It is interesting to point out that respondents from this cluster 
mostly stay in hostels when travelling (41.2% stated hostel as the first choice), and the 
hostel rating they find acceptable is slightly lower than for the other two segments. 

4.5. Simulation Results 

4.5.1. Share of Preference Simulation 

Using part-worths of the attribute levels (Table 4) as input values, share of 
preference simulation was carried out. Let us assume that three hostels are currently 
available on the market (Scenario 1). Table 6 shows the description of these three 
hostels as well as their share of preferences.  

In Scenario 1, the highest share of preferences goes to Hostel 2 (45.41%), while 
Hostel 3 exhibits the lowest share of only 12.56%. A certain number of respondents 
would not opt for any of the offered hostels, in fact 3.07% of them (Table 6). Suppose 
that Hostel 1 considers to change policy of cancellation in order to achieve a higher 
share of preferences and improve its market position. The simulation results show 
that this action will result in significantly higher share of preferences, reaching 
56.26%, which makes this move justified. Also, the percentage of respondents who did 
not opt for any of the offered hostels in the first scenario was lower in the Scenario 2.   
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Table 6. Share of preferences simulation 

 Location Staff Atmosphere 
Cleanliness 

level 
Facilities 

Cancellation 
policy 

(refund) 

Share of 
preference 

Scenario 1        

Hostel 1 City center Friendly Party High Good 
Non-

refundable 
38.97% 

Hostel 2 
Good connection 

to city center 
Marvelous Homely High Good 

Deposit 
only 

45.41% 

Hostel 3 
Poor connection 

to city center 
Friendly Active High Superb 

Deposit 
only 

12.56% 

None of the above      3.07% 

Scenario 2        

Hostel 1 City center Friendly Party High Good 
Deposit 

only 
56.26% 

Hostel 2 
Good connection 

to city center 
Marvelous Homely High Good 

Deposit 
only 

31.10% 

Hostel 3 
Poor connection 

to city center 
Friendly Active High Superb 

Deposit 
only 

11.13% 

None of the above      1.51% 

Similar simulations can be performed for some other changes in hostel offerings, 
but it is also possible to simulate the share of preferences of a potential hostel that 
currently does not exist but is planning to run. Furthermore, the impact of the newly 
introduced hostel on the preference share of existing hostels on the market can also 
be simulated. 

4.5.2. Overall Weighted Hostel Rating 

As previously mentioned, a number of web portals offer guests the opportunity to 
evaluate hostels performance based on their key features. However, most estimates 
are based on a rating of each of the features individually from the set of features on 
the Likert scale. Evaluations of these features are then averaged to get the overall 
hostel performance score. This can greatly provide the wrong picture because not all 
features are equally important for all respondents. Thus, in this paper we suggest that 
the relative importance of the attributes are used as weights. This would make the 
valuations more realistic and would better reflect the real satisfaction of the 
respondents. 

Let bjk be the respondents’ rating for the jth hostel according to the kth criterion. 
The weights Wk represent the feature importance obtained through DCA. Thus, the 
overall weighted score of the jth hostel is calculated as follows: 

𝑊𝑅𝑗 = ∑ 𝑊𝑘𝑏𝑗𝑘
𝐾
𝑘=1 ,    𝑗 = 1, . . . , 𝐽 (6) 

The advantages of the proposed approach will be presented on the example of four 
hypothetical hostels (Table 7). For each of the hostels, the ratings are given according 
to six features. Averaged performance scores for all of these hostels is equal to 4, and 
it seems that they are equally good perceived (well-seen) by guests, but the question 
is whether it is really so. Namely, some hostels with qualitatively different features 
achieve the same average score, indicating a weak discriminatory power of average-
based approach. 

Table 7 also presents the overall ratings obtained by the approach we proposed, 
which implies multiplying the ratings assigned to an individual hostel feature by the 
value of the feature importance to produce a weighted score. The results show that 
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there are clear differences in overall ratings of the hostel. It is especially interesting to 
compare Hostel 3 and Hostel 4 scores, where both hostels are rated by the same set of 
ratings, but these are assigned to different criteria. Although the average scores are 
the same, the difference in the overall ratings is high and reaches a value of almost one. 

Table 7. Averaged versus weighted averaged overall hostel ratings 

Features Feature 
weight 

Hostel 
1 

Hostel 
2 

Hostel 
3 

Hostel 
4 

Location 0.340 4 4 3 5 
Staff 0.064 4 4 5 3 

Atmosphere 0.034 4 3 5 3 
Cleanliness level 0.353 3 4 3 5 

Facilities 0.128 5 4 5 3 
Cancellation policy (refund) 0.081 4 5 3 5 

Average  4 4 4 4 
Weighted average  3.78 4.05 3.45 4.55 

5. Discussion and Conclusions 

5.1. Key findings of the study 

Bearing in mind that the hostel market is rapidly developing by increasing its 
diversity, and that it attracts a growing number of guests, usually Millennials, but also 
investors, it is not surprising that the number of studies related to this market is also 
on the rise. In order for a hostel business to be sustainable, all three goals, namely 
economic, social and environmental, need to be addressed.  

As both the social and economic dimensions of a sustainable hostel business are 
conditioned by guest satisfaction, it is clear that understanding what guests expect to 
experience in a hostel is the best way to achieve it. To reveal travelers' habits and 
preferences for the factors they consider when choosing hostel accommodation, we 
conducted a survey. In a sample of 218 respondents, hostels occupy a significant 
second place when it comes to the type of accommodation they most stay in, which is 
in line with other studies. It was also found that most respondents book 
accommodation online, which is consistent with Phocuswright report (2018). 
However, Airbnb and other P2P platforms have been shown to be a threat to the hostel 
market, primarily because of the price, location and convenience of accommodation 
they offer, but also because they strongly promote social, economic and environmental 
sustainability (Gössling & Michael, 2019) . 

There are a number of research studies that have explored the motives of the 
traveler and the impact of different hostel characteristics on the choice of hostels, but 
they are mostly based on direct assessment of these characteristics individually. 
Fewer research was done on the topic of how much users are willing to trade a certain 
hostel feature for another (Kim & Park, 2017). In this study, we used discrete choice 
analysis, a method that measures guests' individual preferences allowing them to 
make trade-offs between attributes such as cleanliness, location, staff, atmosphere, 
facilities, and cancellation policy.  

When it comes to the most important attributes, cleanliness and location, our 
findings are in line with the findings of many other studies as stated in the literature 
review. However, although all of the listed studies have also identified these two 
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factors as very important, our study provides a clearer distinction of attributes in 
terms of the intensity of their influence on the choice of hostel. When it comes to 
facilities, numerous studies have highlighted the importance of this attribute for guest 
satisfaction. In our study, this attribute is third ranked, but its relative importance is 
almost three times lower than the importance of the two best ranked attributes. 
Furthermore, other studies did not consider the cancelation policy as the attribute that 
affect individuals’ choice of hostel. Our results have shown that this attribute is, on 
average, more important than the attributes of staff and atmosphere. It may be 
surprising that the staff is considerably less important attribute than cleanliness and 
location, even by about five times, as it contradicts the findings presented in (Lima & 
Vicente, 2017; Martins et al., 2018). Similarly, the atmosphere has less impact on 
hostel choice than cleanliness and location, for more than six times. 

The results also indicate that hostel guests are not a homogeneous group, pointing 
to the importance of revealing preferences of subgroups of travelers. The results of 
post hoc clustering clearly indicated differences in the three groups of respondents, 
which were not noticeable in an a priori segmentation. Although cleanliness and 
location are high-ranking attributes in all three clusters, their impact on overall 
preferences is not the same. Actually, some attributes that were significantly less 
important on the aggregate level, proved to be more important in some clusters. So, 
Facilities and Atmosphere attributes, with a relative importance of 19% each, are 
third-ranked ones among Cleanliness Sticklers and Party Seekers, respectively. Also, 
the Cancellation Policy attribute ranks third in the Location Demanders cluster, with 
a relative importance of 10%. 

By performing simulations, we have shown that the results can be used for the 
decision making under uncertainty, in particular, to determine how the potential 
market share will change by changing some of the attribute levels, whether its own or 
those of the competitors. 

5.2. Implications, Limitations and Future Work 

The theoretical implications of our study are reflected in the enrichment of the 
literature related to hostel stay motives and factors affecting guest preferences and 
satisfaction. As the impact of a hostel as a business model on the sustainability of the 
economy and society is reflected in higher consumption, greater employability, 
economic development of cities, regions, and even countries, the study findings have 
important implications for various stakeholders in tourism industry as well. 

Study results may be useful for hostels to improve their service and increase their 
competitive advantage, but also for those who are considering investing in a 
sustainable hostel in the future. For example, in order to improve environmental 
performance, hostels should provide eco-friendly facilities to the first cluster 
(Cleanliness Sticklers) in addition to high cleanliness. Given that the same cluster 
prefers an active atmosphere and agree to a location outside the city center, the 
possibility to rent a bike for free is another option that could have a positive effect on 
the environment. The satisfaction of these respondents would be even greater with 
friendly staff who could promote various social and ecological activities such as local 
sightseeing/attractions within walking distance. Similar applies to the cluster of 
location demanders. For the third cluster (party seekers), hostels could organize green 
parties that could also become a trademark of hostel. 

The managers of hostel booking websites could use the results of this study to 
create a proper list of factors that guests could evaluate, but also to better understand 
the influences of those factors on the overall guests' perception of a particular hostel. 
Because hostel online reviews can be used for sustainable strategic marketing 
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decisions against competitors it is important that guests have the opportunity to 
evaluate the hostel's environmental performance as well. 

However, our study has its limitations. First, not all aspects of a sustainable 
business model, such as the environmental one, have been considered. Second, 
because of the sampling method used, the data collected may be biased and reflect the 
preferences of the study participants rather than the entire population. As the 
popularity of hostels is growing among family people and is increasingly being used 
for accommodation on business trips, to make the results more credible, the sample 
should also include those respondents who less use modern technology, social 
networking sites or forums, but also older respondents. Third, the size of the sample 
itself could be more extensive by including significantly more respondents outside the 
European continent. 

Regardless of the limitations, this study can be a good starting point for upgrading 
and drawing more general conclusions. Future research could be directed towards 
conducting a survey that would cover a broader population and address all three 
pillars of a sustainability: economic, social and environmental. In this way, it would be 
possible to identify the respondents' preferences for each of the pillars, as well as to 
determine trade-offs that both businesses and tourists are willing to make in terms of 
giving up one sustainability component for another. 
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